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Abstract

This study aims to elucidate the theoretical foundations of semantic
vector representation and introduce its potential for textual analysis,
the discovery of semantic relationships, and the development of
research methods in the humanities. The central research problem lies
in the inability of machines to directly comprehend natural language,
coupled with the relative limitations of traditional and classical digital
methods in analyzing large-scale textual data. Adopting a descriptive—
analytical approach and drawing on a review of established works in
natural language processing and computational linguistics, the study
examines the foundations of semantic vector representation, the
distributional hypothesis of meaning, and its role in the computational
modeling of language. The findings indicate that by transforming
words and texts into multidimensional spaces, vector representations
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enable the measurement of semantic similarity, analysis of conceptual
relationships, tracking of the historical evolution of concepts,
extraction of discourse clusters, and development of semantic search
in humanities texts. Nevertheless, because such models lack lived
experience, intentionality, and consciousness, they cannot replace
human understanding and interpretation; rather, they function as
complementary tools for expanding research and knowledge
management capabilities in the humanities.
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1. Natural Language Processing (NLP)
2. Language Representation
3. Distributed Semantic Representation
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. Wevers

. Koolen

. Word Embeddings Models
. Semantic Shifts

. Wohlgenannt

. Word2Vec

. GloVe
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1. Merrill

2. Large Language Models(LLMs)
3. GPT-3

4. LaMDA

5. Ferrone

6. Zanzotto
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